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Results
Other classifiers

System
Sequence 
length (s)

Accuracy (%)

Non-full training Full training

Baseline GMM (MFCC) - - 72.6

Two-layer CNN (MFCC) 5 67.7 72.6

Two-layer MLP (log-mel) - 66.6 69.3

One-layer CNN (log-mel) 3 70.3 74.8

Two-layer CNN (log-mel) 3 75.9 79.0
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Results
Feature comparison

System
Sequence 
length (s)

Accuracy (%)
Non-full training Full training

Two-layer CNN (MFCC) 5 67.7 72.6

Two-layer CNN (log-mel) 5 74.1 78.3


